Hybrid Decision Making for
Adaptive Industrial User Interfaces

Bernhard Anzengruber-Tanase?, Ekaterina Sysoykova?!, Alois Ferscha?

Helmut Ennsbrunner3, Glinther Reinthaler3

Pro2Future GmbH?, Institut flir Pervasive Computing?, Fronius International GmbH3
1 Science Park 4, Altenberger Strasse 69, 4040 Linz
2 Science Park 3, Altenberger Strasse 69, 4040 Linz

3 Fronius Strasse 5, 4642 Sattledt

B MOTIVATION & GOALS

In the industrial domain, good interface design is often not a Focus. Market-driven pressures
plus an engineering-driven company vyield ever-increasing Ul features, complexity, and
confusion. This results in large, historically complex, and sometimes outdated user interfaces.
This hurts a company in the middle- to long term as (i) their products are increasingly
considered outdated, and (ii) due to efficiency decreases if workers’ need to refer to manuals

or request aid from colleagues due to unintuitive interfaces.
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Adaptive Industrial Uls represent a cost-effective way to direct a much needed modernization
that can support UX designers in finding effective changes.

B APPROACH

Usage of Model-based Reinforcement Learning and Human-centric usage
data to implement Adaptive, Process-based User Interface Candidates.
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B CONTRIBUTION

Scientific contribution

Combination of Human-centric usage data and
model-based reinforcement learning to reify a
hybrid decision making systems.

Economic contribution
Modernisation of Legacy User Interfaces.
Streamlining User Interface Design Process.
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